In today's fast-evolving Al landscape, professionals rely increasingly on multiple large language models (LLMs) to
inform critical decisions. Whether you are optimizing your SEO with tools like Boost Domain Rating (priced at just
$35), managing operational workflows with DirEasy, or creating engaging quizzes via Quiz Shot, understanding

which Al model provides the most reliable answers can greatly improve decision intelligence.

This blog post dives into a practical, step-by-step approach for a model comparison test—evaluating GPT,
Claude, Gemini, Grok, and Perplexity on one question. We focus on prompt consistency, answer evaluation, and
techniques for catching hallucinations via disagreement. Leveraging multi-model Al in one thread unlocks new
capabilities for shared context across models, letting teams make well-informed choices without falling for

marketing fluff or unverifiable claims.

Why Compare Multiple Al Models on One Question?

The Al ecosystem is increasingly fragmented, with top-tier models from different providers demonstrating distinct
strengths and weaknesses. GPT (OpenAl), Claude (Anthropic), Gemini (Google DeepMind), Grok (Tesla x XAl), and

Perplexity Al each offer unique architectures, training data scopes, and response styles.
Running a model comparison test lets you:

¢ Identify Consistency: Are outputs aligned when posed with the same prompt, or do they diverge?

¢ Detect Hallucinations: Spot errors, fabricated facts, or confidence mismatches through disagreement
analysis.
* Enhance Prompt Design: Fine-tune wording and instructions to minimize ambiguity and maximize clarity

across models.

¢ Utilize Shared Context: Maintain conversational context continuously in one thread to better understand

model reasoning.

As decision-makers leverage Al tools embedded in software—from Boost Domain Rating’s SEO analytics to

DirEasy’s process automation—gaining this insight boosts confidence, reduces risk, and improves ROI.

Step 1: Standardize Your Question and Prompt

To ensure fair comparison, construct a prompt that is as consistent and unambiguous as possible. For instance,
suppose you want to test Al knowledge on “what factors most impact domain authority in 2024". You would

prepare a prompt like:

"Please provide a detailed explanation of the top 5 factors currently impacting website domain authority and

SEO rankings as of 2024. Include relevant examples and recent trends."

Use this exact prompt—word for word—for every model to prevent prompt-induced variance. This adheres to

prompt consistency best practices.



Tips for Crafting Consistent Prompts

Use clear, direct language avoiding jargon or ambiguous terms.

Set explicit instructions, e.g., “top 5 factors” and “include examples.”

Specify the year or timeframe for relevance.

® Test your prompt separately on one model first to ensure clarity.

Step 2: Query Each Model in a Single Shared Thread

Instead of querying each model in isolation, leverage tools or frameworks that allow multi-model Al in one
thread. This means you maintain a continuous conversation window where you feed a prompt, receive answers,

and later introduce subsequent prompts or clarifications—all with shared context preserved.

This approach comes with key advantages:

Whatcan  help with?

® Reduces cognitive load—no need to re-explain context with each model.



® Enables cross-model rebuttals or clarifications faster.

¢ Allows you to see how models respond given the same historical conversation.

Currently, some platforms and custom workflows leverage APIs or integration layers Al debate tool to orchestrate
this—experienced teams rely on automated scripts and internal dashboards to do simultaneous model

evaluations.

Step 3: Collect and Normalize Answers for Evaluation

Once you receive responses from GPT, Claude, Gemini, Grok, and Perplexity, it's essential to structure their outputs
uniformly for thorough analysis. Consider using a spreadsheet or database to extract key points under common

categories such as:

1. List of factors mentioned
2. Supporting examples or statistics
3. Emerging trends cited

4. Confidence or disclaimer statements

This structured compilation aids direct comparison to spot overlaps and divergences.

Example Evaluation Table

Model Top Factors Listed Examples Cited Notable Trends Hallucination Risk GPT-4 Backlinks, Content quality, Site
speed Example from Boost Domain Rating Al-generated content impact Low Claude Backlinks, User engagement,
Mobile-friendliness DirEasy case study mention Focus on UX signals Medium (vague stat) Gemini Backlinks,
Content depth, Crawlability Quiz Shot quiz domain insights Rich snippet optimization Low Grok Backlinks, Site
security, Content freshness No concrete example Security trademarks emphasized High (fabricated citation)

Perplexity User engagement, Backlinks, Site speed Boost Domain Rating referenced Mobile-first indexing Low

Step 4: Use Disagreement to Catch Hallucinations

One of the most effective ways to catch Al hallucinations is to compare models’ responses critically. When models

disagree on facts, numbers, or cited sources, this flags areas requiring manual verification.

For example, if Grok cites a study that does not exist or misattributes trends to outdated data, but GPT and

Gemini's outputs converge around peer-reviewed SEO insights, you're smelling a hallucination.

This method exploits the principle that independent models rarely make the same specific factual error—so

disagreement is a reliable filter. Professionals need to pay close attention to:

¢ Disputed statistics or years. Always check these explicitly.
* Fabricated references. Search for cited URLs or papers.

* Confident errors. "Sure” statements on uncertain topics mean red flags.
Our checklist for catching hallucinations includes:

e Are source citations verifiable?

® Are numerical claims consistent across models?

Do multiple models independently mention the same examples?

Is there evidence of overconfidence in unsupported claims?


https://smolrank.com/projects/suprmind

Step 5: Aggregate Findings and Make Informed Decisions

Once you have summarized the responses and pinpointed areas of disagreement or certainty, you can synthesize

the best and most reliable insights. This process underpins intelligent business decisions, whether you're:

* Engaging Boost Domain Rating's API to boost your website rankings
* Developing workflow automations with DirEasy administrators
¢ Crafting engaging content for Quiz Shot quiz players

A multi-model evaluation doesn't just reveal the “right” answer; it provides decision intelligence—the ability to

weigh evidence, understand uncertainty, and act pragmatically.

Bonus: Pricing Transparency in Al Tools

Just like you would compare model outputs for reliability, don't overlook the importance of transparent pricing,
which is unfortunately often shrouded in marketing jargon. For example, Boost Domain Rating’s clear price of

$35 per product package ensures teams can plan budgets without hand-wavy commitments.

When evaluating Al tools that wrap these models, demand clear, upfront pricing information and service tiers.

Hidden or opaque costs may erode confidence, even if the underlying Al is powerful.

Conclusion

Running a rigorous model comparison test on the same question using GPT, Claude, Gemini, Grok, and
Perplexity—while holding prompt wording constant and preserving shared conversation context—is the gold

standard for decision intelligence in Al-assisted workflows.

This approach uncovers strengths, exposes hallucinations, and maximizes trustworthiness—a must-have for
professionals in SEO, operations, content creation, and beyond. Whether you're using specialized software
integrations like Boost Domain Rating, DirEasy, or Quiz Shot, elevating your Al strategy with multi-model analysis

delivers measurable, real-world value.

Stay skeptical, keep your “hallucination checklist” handy, and always prioritize clarity over hype when comparing Al

models.



