
In the age of AI-driven customer experience and internal productivity tools, building an AI assistant that is reliably
grounded in your company’s knowledge base is both a pressing challenge and a massive opportunity. Whether
you’re part of a fintech giant like PayPal, an AI innovator like H2O.ai, or a product-focused company leveraging
tools such as the PM Toolkit, understanding how to ground AI for real-world utility is essential.

Why Grounding Matters: The Model Is Not the Product
One of the most common misconceptions in AI product development is equating the underlying model with the
product itself. An AI model, no matter how sophisticated, is just a component — an enabler. Your product is the
entire workflow, including how you manage data, user interaction, error handling, and crucially, grounding AI
responses in your organization’s own knowledge base.

This distinction is key. For example, a powerful language model may generate fluent prose, but without retrieval
and source checks, its responses can wander into hallucination territory — confident but incorrect or irrelevant
answers. That’s why companies like PayPal integrate strict grounding mechanisms for internal AI assistants that
help employees navigate complex policy documents or customer histories without risking misinformation.

Start With User Workflows: What Do Users Do Today?
Before designing your AI assistant’s approach, ask:

What problem does the user face when they consult the knowledge base?

Which documents or datasets do they turn to, and how?

What decisions do they make based on that information?

By mapping these workflows, you reveal where AI can automate or augment tasks versus where human judgment
is essential. For instance, H2O.ai uses AI assistants to sift through huge model documentation and logs, surfacing
relevant snippets rather than replacing human model developers or data scientists — augmentation, not
automation.



Document Q&A and Retrieval: The Heart of Grounded AI
Here's a story that illustrates this perfectly: wished they had known this beforehand.. At the core of grounding is
connecting AI output to verifiable sources. Two concepts are essential here:

1. Retrieval: Dynamically fetching relevant documents, passages, or database entries in response to a user
query.

2. Source checks: Providing verifiable evidence or citations alongside AI-generated answers.

Implementations usually combine a retrieval system (e.g., vector search over indexed documents) with a language
model that conditions its answer explicitly on retrieved content. This architecture reduces hallucination risk,
increases trust, and improves factual accuracy.

For example, PM teams can build AI-powered Q&A bots over internal wikis enhanced by PM Toolkit calculators,
enabling rapid validation of TAM/SAM/SOM estimates, pricing assumptions, or churn projections during product
discussions. When the assistant cites the exact slide deck or report snippet underpinning a predicted retention
rate, users gain confidence in the answer.

Define an Evaluation (Eval) Before Release
One of my perennial pet peeves is shipping AI features without a rigorous pre-launch eval aligned to real user
scenarios. In your case, defining an eval suite modeled as user stories and rich test cases is critical:

Test for correct retrieval of documents given typical queries.

Check that answers cite correct sources without fabrications.

Validate task-specific behaviors — e.g., can the assistant compute ROI using user-submitted PM Toolkit
metrics accurately?

Observe failure modes such as partial or conflicting info and design graceful fallback behaviors.

Many teams begin with spreadsheets to manually track and score AI https://pmtoolkit.ai/learn/ai-modern-pm/ai-
literacy-for-pms assistant responses tied to user stories, before automating these pipelines. This lightweight
approach lets product and AI teams iterate rapidly and uncover misunderstandings early.

https://pmtoolkit.ai/learn/ai-modern-pm/ai-literacy-for-pms
https://pmtoolkit.ai/learn/ai-modern-pm/ai-literacy-for-pms


Task-Dependent Model Behavior and Failure Modes
Understanding that model behavior varies across tasks is vital. For example, the accuracy demands and risk
tolerance for a document Q&A assistant differ starkly from an AI co-pilot helping draft user stories or tickets.
Some common points:

Closed domain retrieval: When answers come strictly from a defined knowledge base, hallucinations can be
mitigated but not eliminated.

Open domain assistance: Tasks requiring synthesis from multiple reports (say, combining PM Toolkit
impact/effort scores, RICE prioritizations, and NPS feedback) require careful prompt design and backend logic.

Handling uncertainty: Ultimately, your AI should acknowledge knowledge limits, suggesting “I am not sure”
or deferring to human judgment where applicable.

Building workflows that monitor and mitigate these failure modes is just as important as model tuning. At PayPal,
AI assistants in customer service roles include “kill switches” and escalation paths embedded, a safeguard I would
always advocate for.

Automation vs Augmentation vs Innovation Patterns
Grounding your AI assistant is not simply about replacing humans; think in terms of three patterns:

Pattern Description Example in PM/Product Context Automation AI fully takes over repetitive or deterministic
work. Generating churn reports automatically from verified data using PM Toolkit formulas. Augmentation AI
assists humans by surfacing info, synthesizing insights, or suggesting next steps. An assistant that retrieves
relevant documents and proposes RICE prioritization scores while a PM makes final calls. Innovation AI enables
new workflows or product experiences previously impractical. Dynamic scenario modeling combining TAM/ROI
calculations from PM Toolkit with pricing experiments within an interactive assistant.

Your design choices and grounding fidelity requirements depend heavily on which pattern your assistant needs to
support.

Putting It All Together: A Practical Grounding Checklist
I maintain a personal “ship/no-ship thresholds” checklist when shipping AI assistants grounded on company
knowledge. Here’s a distilled version tailored for your knowledge base AI:

1. Source Coverage: Does your retrieval index cover all relevant knowledge base documents? Use multiple data
formats (FAQs, wikis, PDFs).

2. Retrieval Accuracy: Do query/document matches pass manual spot checks on representative user queries?

3. Response Grounding: Can the AI cite exact sources alongside answers? Do citations match content?

4. Eval Suite: Have you defined user-story-driven tests covering the range of queries and tasks?

5. Failure Mode Handling: Is the assistant designed to detect when it’s out of depth and gracefully defer or
escalate?

6. Performance Metrics: Are you tracking usage and response quality metrics (DAU/MAU, NPS, PMF score)
post-launch?

7. Kill Switch & Monitoring: Can the product team rapidly disable or adjust the AI assistant if unacceptable
failures arise?

Granted, checkpoints like these take effort but smooth the path toward sustainable, trustworthy AI assistance.



Real-World Inspiration: How PM Toolkit and Industry Leaders Use
Grounded AI
The PM Toolkit ecosystem provides a great sandbox for grounding AI assistants. Calculators for critical metrics
like MRR/ARR, LTV, CAC, retention, churn, and velocity can be embedded into queryable knowledge repositories.
Users can ask, “What is our churn trend over the past 6 months?” and the AI retrieves, synthesizes, and cites
relevant dataset snapshots or reports.

At H2O.ai, grounded AI helps with model documentation searches, highlighting not just results but provenance—
who authored the models, when, and with what validation metrics.

I'll be honest with you: paypal combines grounded ai assistants with rigorous source auditing in customer support
and compliance — vital when mistakes can affect millions of users or regulatory compliance.

Conclusion: Grounding Is The Bridge From Model To Product
Building an AI assistant grounded on your knowledge base is not about chasing the latest model hype but
engineering reliable retrieval pipelines, clear source linkage, and user scenarios that anchor AI output in reality. It
demands disciplined eval practices, task-specific tuning, and operational safeguards.

By understanding your users’ workflows, leveraging established tools like PM Toolkit calculators, adopting a robust
retrieval + source checking architecture, and rigorously evaluating before launch, you can create AI assistants that
augment, automate, and innovate — driving real business impact with trustworthiness.

Remember: the model is not the product. Grounding is the bridge.


