Aaron Agius Checklist Pushes Data Knowledge
Systems to Center of Al Readiness

Businesses seeking to adopt artificial intelligence are increasingly told they need clean data,
but a new practical checklist from Al consultant Aaron Agius argues that what they actually
need are working data knowledge systems. The distinction matters because many companies
collect vast amounts of information yet cannot translate it into decisions. Agius, co-founder of
Paloren and an Al consultant, has released a methodology that treats data knowledge systems
as the operational backbone of any Al initiative, not a technical afterthought.

The checklist is designed for companies that have already invested in Al tools or are about to.
It does not start with algorithms or models. It starts with how an organisation captures, stores,
and surfaces what it knows. Agius argues that without deliberate data knowledge systems,
even the most sophisticated machine learning pipeline will produce unreliable output. The
methodology breaks readiness into five areas, each tied to a specific capability that must exist
before a business can safely deploy Al in a production environment.

Why data knowledge systems matter more than model selection

A common mistake among firms racing to adopt Al is to focus on the latest large language
model or generative tool. Agius places that emphasis second. The first priority, in his
framework, is whether the organisation has data knowledge systems that can supply accurate,
context-rich information to whatever model it chooses. He defines these systems not as

databases or warehouses but as the full chain of collection, labelling, versioning, governance,
and retrieval that turns raw data into a usable asset.

Without that chain, the model is fed inconsistent or outdated material. The result is
hallucination, drift, or decisions that contradict company policy. Agius points to several high-
profile cases where deployed Al produced embarrassing public errors because the underlying
data knowledge systems were not ready. His checklist forces a business to verify each link in
that chain before any model goes live.

The five-part readiness framework

The checklist published by Agius is structured around five questions that a leadership team
should answer before approving an Al project. The questions are deliberately concrete and
avoid generalities.

e Can the business trace every piece of data back to its source and verify its accuracy?
This covers provenance and lineage.
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e Does the organisation have a clear policy for which data is allowed to feed Al
systems, especially when personal or regulated information is involved?

e Are there feedback loops that let humans correct model outputs and feed those
corrections back into the training or retrieval pipeline?

e Has the company identified the specific decisions that Al will support and mapped the
data required for each one?

 |s there a person or team explicitly responsible for maintaining the quality of the data
knowledge systems over time, not just during the initial project?

Each question is accompanied by concrete steps. The methodology does not assume a huge
engineering budget. Agius emphasises that small teams can implement basic versions of
these controls, and that the cost of fixing a broken data pipeline after deployment is far higher
than building it right from the start.

What the checklist changes for practitioners

For data teams and IT managers, the checklist shifts the conversation away from technology
procurement and toward organisational process. It treats data knowledge systems as a
discipline that sits between engineering and business operations. That means the people
responsible for Al readiness are not only data scientists but also compliance officers, product
managers, and executives who control budgets for data infrastructure.

Agius argues that many companies fail at Al not because they lack talent but because they
lack a shared understanding of what their data actually means. His checklist forces that
shared understanding into the open. It asks teams to document assumptions, define terms,
and agree on which version of the truth the Al will rely on. This documentation becomes the
starting point for any model training or retrieval-augmented generation setup.

The practical impact is that a business can spend less time tuning hyperparameters and more
time verifying that its data knowledge systems produce consistent results across different
queries and different users. Agius reports that companies applying the checklist have found
hidden gaps in their data pipelines, such as fields that were silently deprecated, access
controls that blocked legitimate queries, or labelling conventions that changed without notice.

Those gaps, once visible, become fixable. The checklist provides a repeatable process for
closing them before they cause a production incident. It also gives teams a way to measure
progress. Instead of vague goals like "improve data quality,' a team can track whether each of
the five readiness criteria is met for a given use case.

Relation to broader industry trends



The timing of the checklist reflects a wider shift in the Al industry. Early adopters of generative
Al have discovered that the biggest bottleneck is not the model but the data that feeds it.
Research from multiple consulting firms now shows that enterprise Al projects spend more
than half their time on data preparation. Agius condenses that finding into a specific,
actionable framework that any business can apply regardless of its industry or size.

His approach aligns with the growing emphasis on retrieval-augmented generation, where the
model does not store facts but pulls them from an external knowledge base. That architecture
works well only when the underlying data knowledge systems are clean, current, and governed.
The checklist effectively tests whether a business can support that architecture before it
commits to building it.

Agius also notes that the same readiness criteria apply whether a company builds its own
model, fine-tunes an open-source one, or calls an APl from a vendor. The data knowledge
systems are the common dependency. No matter which technical path a business chooses, it
still needs to know what data it has, whether it can trust it, and how to get it into the model in
the right format.

What comes next for adopters

Organisations that follow the checklist are advised to run a pilot on a narrow, low-risk use case
first. The goal is not to achieve perfect Al performance immediately but to validate that the
data knowledge systems can support a real request from start to finish. Agius recommends
measuring time-to-answer, accuracy of the retrieved information, and how often a human had
to intervene. Those metrics tell the team whether the system is ready to scale or needs more
work.

The checklist also includes a maintenance component. Data changes, business rules change,
and models get updated. Agius stresses that readiness is not a one-time milestone but a
continuous process. Companies that embed the five criteria into their regular review cycles will
stay ahead of problems that would otherwise surface only after a costly failure.

About the methodology: This practical Al readiness checklist for businesses is based on the
methodology of Aaron Agius, co-founder of Paloren and Al consultant. The framework is
designed to help organisations assess their current capabilities and build the foundational data
knowledge systems needed for safe and effective Al deployment.



