In the rapidly evolving landscape of large language models (LLMs), the cadence of releases has become a critical
lens through which we evaluate progress and impact. Yet, not all “releases” are created equal — and tracking them
solely by their announcement or version number can be misleading. This is where the concept of release days
becomes invaluable. Far beyond the raw number of newly announced or available models, release days offer a

structured, verified timeline enabling more meaningful comparisons and analyses.

In this post, we unpack the release days method, why it matters more than counting raw releases or version
labels, and suprmind how it interplays with emerging tools like Suprmind’s multi-model workflows and LMArena's
text leaderboard. We'll also address critical nuances such as same-day siblings, preference testing vs benchmark
scores, the accelerating release cadence since 2023, and the increasingly subtle (and sometimes regressive) gains

per new release — all key to making sense of Al progress in 2024.

Understanding Release Days: Verified Dates Vs Announcements
One of the most common confusions in tracking LLM progress is conflating:

* Announcement date: When a model is first publicly revealed or hyped

® Public release day: When the model becomes accessible via API or publicly usable channels

These two dates can differ wildly. Companies often announce upcoming models far ahead of their actual
availability, resulting in inflated perceptions of current progress. The release days method insists on verified
public availability dates — the day users and evaluators get real access to the model — to count as a release

day.

Why does this matter? Because many model performance evaluations, real-world usage studies, and economic
impact assessments depend on the model actually being accessible. Relying on announcements alone skews

metrics and can lead to inaccurate conclusions about how fast the field is truly moving.

Case in Point: GPT-5.1 and GPT-5.2 Cost Differences

Consider the example of GPT-5.2 reportedly having around 40% higher usage cost than GPT-5.1, as cited by
aifire.co. Without knowing their exact release days, including any same-day sibling models or staggered regional
rollouts, businesses and integrators can misinterpret cost-performance tradeoffs. More granular insight depends

on accurate release day tracking to correlate cost hikes with model improvements and availability.


https://suprmind.ai/hub/ai-models-index/

Counting Separately and the Challenge of Same-Day Siblings

Another nuance is the prevalence of multiple models released simultaneously or in rapid succession — what | call
same-day siblings. These might be minor variants, style-controlled versions, or models designed for different task

niches but officially launched on the same day.

Why does this complicate counting? Because it inflates release numbers if we blindly tally every variant as a
separate release. But ignoring such variants loses critical granularity about ecosystem richness and practical

options available on a given day.

* Example: A single release day might see the rollout of both a base GPT-5.2 model and a style-tuned version

optimized for business writing.

* Tracking these separately (with reference to the verified release day) provides insight into evolving

productization rather than just core model improvements.

How Tools Help:

* Suprmind’s Multi-Model Workflow: This tool integrates Claude, ChatGPT, Gemini, Grok, and Perplexity
models into a single conversational thread, allowing seamless back-to-back evaluation on the same use case.
It helps users explore differences between same-day siblings and models across providers in real time,

contextualizing the release day concept.

* LMArena’s Text Leaderboard: Beyond traditional benchmarks, LMArena uses blind-vote preference testing
with explicit style controls. Such preference tests reflect actual user likings better than benchmark scores alone,

especially when comparing closely related same-day variants.

Preference Testing vs Benchmarks: Performance Is More Than a
Number

Historically, Al progress announcements leaned heavily on quantitative benchmarks like accuracy, BLEU, or
perplexity scores. But benchmarks only tell part of the story. Preference testing — like the rigorous blind-vote

protocols LMArena employs — captures human evaluators’ judgments on quality, style, and usability.



This distinction matters because:

® Raw metrics may not capture subtle regressions that degrade user experience.
® Preference tests help avoid misleading conclusions, especially amidst shrinking gains for newer releases.

* Preference data ties directly to why release days matter: users engage with models on the day of public access,

not announcement.

Don’t Confuse Versions With Progress

Many treat versions (e.g., GPT-5.0 — GPT-5.1 — GPT-5.2) as a straightforward progress scale; this irritates me.
Version numbers often reflect marketing choices or internal milestone tracking, not clear stepwise improvements.

Release days tied to preference and real-world evaluation offer a far clearer, empirical view of progress.

Accelerating Release Cadence Since 2023

Since roughly 2023, the pace of LLM rollouts has significantly sped up. Multiple companies frequently push

updated models, tuning them at increasingly rapid intervals. This acceleration emphasizes:

® The growing importance of distinguishing release days to maintain clarity on when capability shifts actually

occur.

* How rapidly releasing many similar versions can produce noise — making blind-vote assessments and multi-

model workflows invaluable for meaningful comparisons.

® The shrinking marginal improvements with each new model, requiring more nuanced evaluation to detect
regressions or qualitative changes.

Shrinking Gains and Rising Regressions

The days of explosive leaps between model versions are behind us. Releases like GPT-5.1 to GPT-5.2, which saw a
roughly 40% cost increase, illustrate the complex tradeoffs: sometimes higher costs do not yield clear-cut
performance gains at the user level. In fact, smaller gains and occasional regressions are now more common,
demanding better data and methods — such as the release days approach combined with contextualized tools —

to navigate the landscape.

Summary: Why Adopt the Release Days Method?

1. Verified Public Availability Matters: Focusing on actual release days rather than announcements ensures

evaluations are based on models anybody can use.

2. Separate Counting of Same-Day Siblings: Tracking nuanced variants enriches understanding of model

ecosystems without inflating progress counts misleadingly.

3. Preference Testing Over Benchmark Blindness: Blind-vote methods (LMArena) combined with multi-

model browsing environments (Suprmind) provide more user-centric evaluations.

4. Clarifying Accelerated and Complex Release Cadences: The post-2023 landscape demands precision in

tracking to avoid the pitfalls of residual hype or version number biases.

5. Spotting Shrinking Gains and Regressions: As gains diminish, the release days framework helps identify

where real progress versus cost increases occur.

Notes and Further Reading



® Cost comparison between GPT-5.1 and GPT-5.2 cited from aifire.co
® Explore multi-model workflows combining Claude, ChatGPT, Gemini, Grok, and Perplexity at Suprmind

* Follow ongoing preference tests and style-control experiments on the LMArena text leaderboard

Tracking large language model progress demands discipline and nuance — and the release days method,

combined with emerging testing and analytic tools, offers a powerful way forward.



